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Abstract

Background Engagement is a complex construct consisting of behavioral, cognitive, and affective dimensions, making engage-
ment a difficult construct to measure. This integrative review aims to (1) present a multidisciplinary overview of measurement
methods that are currently used to measure engagement with adult mental health and behavior change interventions, delivered
in-person, blended, or digitally, and (2) provide a set of recommendations and considerations for researchers wishing to
study engagement.

Methods We used an integrative approach and identified original studies and reviews on engagement with mental health or
behavior change interventions that were delivered in-person, digitally, or blended.

Results Forty articles were analyzed in this review. Common methods to assess engagement were through objective usage
data, questionnaire-based data, and qualitative data, with objective usage data being used most frequently. Based on the
synthesis of engagement measures, we advise researchers to (1) predefine the operationalization of engagement for their
specific research context, (2) measure behavioral, cognitive, and affective dimensions of engagement in all cases, and (3)
measure engagement over time.

Conclusions Current literature shows a bias towards behavioral measures of engagement in research, as most studies meas-
ured engagement exclusively through objective usage data, without including cognitive and affective measures of engage-
ment. We hope that our recommendations will help to reduce this bias and to steer engagement research towards an integrated
approach.
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Introduction effectiveness [1-4]. In general, engagement is described as

a complex, multi-dimensional, and dynamical interaction

Client engagement is an important and often studied pro-
cess factor in intervention research. Studying client engage-
ment is of interest because higher levels of engagement
have been associated with higher levels of intervention
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process between a client and an intervention [5-7]. Engage-
ment has been inconsistently defined throughout literature,
but efforts have been made recently to clarify the concept
of engagement [5—8]. An important next step to move the
field of engagement research forward is to bring clarity and
consistency in how engagement can best be measured in
empirical studies.

Overall, three main dimensions of engagement can be iden-
tified: behavioral, cognitive, and affective [8]. Behavioral
engagement can be characterized in terms of intervention
adherence, and in terms of clients’ active effort while using
the intervention [6, 7]. Adherence is described as the degree
to which clients use the intervention as intended, and is usu-
ally expressed in terms of session attendance, homework
compliance, or use of digital modules [9]. Effort refers to the
active involvement of clients within the intervention (e.g.,
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openly communicating relevant information and real-life
behavior change) [5, 6]. Cognitive engagement refers to the
degree to which clients agree with the intervention rationale,
and perceive the intervention as suitable for reaching their
goals [5, 10]. Affective engagement describes clients’ sub-
jective experience with the intervention, and encompasses
their experience of interest with the intervention content, the
attention they pay towards the intervention, and their affec-
tive experience while interacting with the intervention [7].

Engagement is influenced by many internal and external
client factors such as motivation, symptom severity, access
to healthcare, and intervention characteristics [6, 11]. Other
factors that influence engagement are the bond between cli-
ents and their healthcare provider [6], the social context of
clients (e.g., experiencing stigma), and the intervention itself
[7]. Engagement is dynamic, because levels of engagement
vary throughout a therapeutic or behavior change process
[5]. This means that at different stages of treatment or behav-
ior change, different degrees of engagement and disengage-
ment can occur. For example, some clients initially show
low levels of engagement, and only start to engage more
when they start to experience the results of an intervention
[7]. Moreover, disengagement with an intervention does not
necessarily mean disengagement with the behavior change
or therapeutic process, because clients can come to a point
in which they no longer need the support of the intervention
[5].

To move the field of engagement research forward, it is
important to identify how the various dimensions of engage-
ment can best be measured. Engagement research is not
limited to one field only. It is relevant in various domains,
such as mental health [1], behavior change [12], market-
ing [13], education [14], human computer interaction [15],
and human resources [16]. Additionally, different delivery
methods for interventions have been developed in the past
decades, each with different challenges and implications for
engagement (e.g., digital interventions, mobile interventions,
and blended interventions). The fields of mental health and
behavior change differ in target population and target out-
come, but are closely related, because in both cases, engage-
ment is usually studied in an intervention context, which is
not the case in the other fields mentioned. In addition, the
two fields overlap, given that behavior change is an integral
part of mental health recovery, and that overcoming mental
obstacles is an inevitable part of behavior change.

What is missing in the literature is a multidisciplinary
methodological overview of engagement in which engage-
ment is approached as a complex, multi-dimensional, and
dynamic construct. Due to its complexity, there will
not be one gold-standard method to measure engage-
ment. Instead, measurements of engagement should reflect
the complexity of the construct. Therefore it is our goal
to provide (1) a multidisciplinary overview of different
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measurement methods that are currently used to measure
engagement within adult mental health and behavior change
interventions, delivered in-person, blended, or digitally,
and (2) a set of recommendations and considerations for
researchers wishing to study engagement.

In this review, we target mental health and behavior change
interventions, delivered in-person, digitally and blended.
We use the term intervention as an umbrella term, and spec-
ify the type and delivery of the intervention for each spe-
cific study. We consider all interventions that deliver their
active components through technology (e.g., smartphone,
email, website, text messages, and applications) as digital
interventions.

Method
Design

To reach the goals of this review, an integrative design was
found to be best suited. An integrative review is a narrative
type of literature review that allows for the critical synthesis
of different literature types and perspectives, and is used to
create new perspectives on a broad topic [17, 18]. A unique
characteristic of integrative reviews is that they allow the
researcher to combine knowledge from empirical and theo-
retical literature [17].

Search Strategy

For this integrative review, we searched for studies on
engagement with interventions targeting mental health
conditions or behavior change in adults that were deliv-
ered in-person, digitally, or blended. Relevant literature
was searched, using the following keywords referring to
engagement: “Engagement,” in combination with the key-
words “Intervention,” “eHealth,” “Behavior Change,” “Web-
based,” “Face-to-face,” “Mental Health,” “Psychotherapy,”
“CBT,” and “Blended.” The literature search was conducted
between September 2019 and December 2020, with an
update in February 2022, and included literature published
in or after the year 2000. During this search process, several
databases (EBSCO, PubMed, PsychInfo, Google Scholar)
were consulted to ensure that important literature was not
missed.

To be included, engagement had to be mentioned in the
title or abstract of the article. We choose for this specific
criterion because there are many constructs that relate to
engagement, and broadening the scope would lead to an
unfeasible number of articles and would lead the focus away
from the main concept of interest, which is engagement.
Additional literature was found using cross-referencing from
the articles included in the literature search. Next to original
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studies, we also included literature reviews on engagement
measures. Articles were excluded if the topic of interest was
not on engagement with mental health or behavior change
interventions, and if engagement was referred to as the
engagement of clients in the healthcare decision-making
process. Studies considering criminal treatment were also
excluded due to the mandatory nature of these treatments.

Literature Analysis

For analysis of the literature, we followed the methodologi-
cal guidelines for integrative reviews by Whittemore and
Knafl [17]. We abstracted data on research aims, target
behaviors, target audience, and engagement measurement
instrument from the original research. For review articles,
the entire article was analyzed, and engagement measure-
ment instruments, and their application and considerations
were abstracted. The measurement instruments were then
individually assessed, looking for similarities and overarch-
ing categories. We then looked for similarities and patterns
within and between these categories. Lastly, all insights from
the previous step were synthesized and form the basis of our
practice recommendations. In an integrative review, this is
part of the data analysis process and part of the “Results”
section [17]. The analysis process was carried out by the first
author of this review.

Results
How Is Engagement Measured?

This section provides an overview of the measurement
methods that have been used for measuring the different dimen-
sions of engagement, and how these methods are utilized in
research practice. A total of 40 articles were included in this
study, of which 37 empirical articles and 3 review articles
(see Supplemental Table 1). During the literature analysis,
we found that engagement measures can be generally cat-
egorized as an objective measure, a questionnaire-based
measure, or a qualitative measure. The upcoming section is
structured using these categories. Additionally, measurement
applications for different delivery modes (i.e., in-person,
digital, and blended) are provided.

Objective Measures

Objective measures of engagement are used to assess
behavioral engagement, for example, through system usage
data or client file recordings. In their simplest form, these
measures reflect adherence and usage information (e.g.,
number of log-ins and number of sessions attended) [19].
Usage metrics with online intervention offer the possibility

to collect rich usage data, with which researchers can
study in-depth patterns of usage. The different options for
objective adherence measures are plentiful, and depend
largely on the set, setting, type of intervention, and the
target population.

Adherence data for in-person interventions is often col-
lected through recordings from an electronic client file [6].
Interventions containing a digital element typically collect
adherence data through usage logs. These usage logs are
automatically generated by services such as Google Ana-
lytics, or manually built into an application or website by
a developer. Newer technologies allow for the recording
of wearable data (i.e., Smart/sports watch and Smartphone
GPS-data) in which real-time behavior can be detected and
measured [19].

A useful way to categorize different objective adher-
ence measurement options is by using the FITT (frequency,
intensity, time, and type) acronym [20]. In this acronym,
frequency refers to the absolute amount of contact with the
intervention, for example, as the number of log-ins to an
intervention. Intensity refers to the depth of contact, such
as the number of exercises completed. Time refers to the
amount of time spend with the intervention. Type refers to
the different kinds of interaction with an intervention. For
example, someone can engage in psycho-education activities
by reading information or watching informational videos,
which are passive activities, or someone can engage in exer-
cises or interact with other users through social elements,
which are more active activities [19]. The FITT acronym
originates from eHealth and mHealth research, but is appli-
cable to in-person interventions as well, as these interven-
tions similarly allow for different types of engagement.

Eighteen out of the 37 studies (see Supplemental Table 1)
included some sort of objective measure [21-38]. The
number and type of objective measures used varied greatly
from study to study. For example, Sepah et al. [24] studied
the degree of engagement and the effectivity of an online
diabetes prevention intervention for people diagnosed with
prediabetes and measured engagement using the various
adherence-related data points, such as log-ins, monitoring
of relevant behaviors, and usage of the intervention’s social
media functions. Others used relatively few objective meas-
ures to assess engagement in their study. For example, a
study in which the association between personality charac-
teristics and engagement with a mental health intervention
was examined, measured engagement as session attendance
only, and every participant that attended less than three ses-
sions was labeled as non-engager [32]. Another study evalu-
ated the predictive value of insomnia on drinking behav-
ior, intervention outcomes, and intervention engagement
in veterans suffering from PTSD symptoms and hazardous
drinking patterns. In this study, engagement was measured
as module completion only [33].
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In summary, objective usage data can provide important
information on adherence, a part of behavioral engagement.
Objective measures are the most often used measuring meth-
ods. A benefit of objective measures is that they overcome
the lack of validity and reliability of self-report measures
on usage and attendance [39]. To assess effort as well as
the affective and cognitive dimensions of engagement, quali-
tative measures and questionnaire-based measures seem to
be more suitable than usage data. In the next two sections,
questionnaire-based measures and qualitative measures are
discussed, respectively.

Questionnaire-Based Measures

Questionnaire-based measures can be used to assess behav-
ioral, cognitive, and affective dimensions of engagement.
Fourteen studies made use of questionnaires to measure
engagement [1, 31, 36, 40-50]. Questionnaires assessing
engagement come in different forms, for example, self-report
questionnaires, observer-report questionnaires, or ecological
momentary assessments (EMAs) [19].

Self-report Questionnaires Self-reported questionnaires are
frequently used tools to assess behavioral, cognitive, and
affective dimensions of engagement. Self-reported measures
of adherence can be used when it is impossible to retrieve
objective adherence data or to add to existing objective
measures [19]. The latter option might be beneficial in case
of web-based interventions in which clients may leave the
intervention running in the background without actually
using it. Linder et al. [43], for example, use self-report meas-
ures of adherence in their study on the impact of different
digital guidance methods on engagement in an intervention
targeting depression, and asked participants to estimate the
total time they dedicated to the intervention each week, and
how much effort they put into the intervention.

The most important pitfall of assessing adherence through
self-report questionnaires is the fact that humans are not
good at estimating their own intervention usage [39]. Addi-
tionally, self-report questionnaires ask about usage in ret-
rospect, adding to the lack of reliability. When possible,
objective adherence data is preferred [39]. Questionnaires
also provide an option to explore clients’ effort inside and
outside of the intervention, since these dimensions are harder
to measure objectively.

In addition to effort, self-report questionnaires are suita-
ble to measure cognitive and affective dimensions of engage-
ment. Cognitive dimensions of engagement cover whether
clients agree with the intervention rationale, and see the
intervention as a means to reach their personal goals. Given
the subjective nature of this dimension of engagement, self-
report questionnaires are especially suitable. Tetley et al.
[51] systematically reviewed different questionnaires
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assessing client engagement with face-to-face mental health
interventions. Their review shows that several self-reported
questionnaires measure dimensions of cognitive engagement,
such as perception of progress [52, 53], intervention cred-
ibility [53], and motivation [54]. Measures also include
affective dimensions such as intervention satisfaction [53],
and attitude towards the intervention [52].

Also in behavior change research, there are many options
to assess cognitive and affective dimensions of engagement
through self-report questionnaires. For example, the DBCI
Engagement Scale [46] that was developed as an instrument
to measure client engagement with digital behavior change
interventions asks clients to rate their levels of interest,
intrigue, focus, and pleasure while using such an interven-
tion. This scale follows the conceptualization of engagement
from Perski et al. [7], in which engagement is viewed as
consisting of behavioral and affective dimensions. The DBCI
Engagement Scale was developed with the purpose to assess
self-reported engagement with a digital health behavior
change intervention, meaning that it may not be appropriate
for all intervention settings [46].

Several other self-report questionnaires assess affective
engagement with digital interventions [55]. Ng et al. [55]
systematically reviewed measurements of engagement with
mental health apps, and found several questionnaires that
assessed what they called user engagement indicators
(i.e., usability, satisfaction, acceptability, and feasibility).
Two examples of the questionnaires Ng et al. [55] found
that assess affective engagement are the Client Satisfaction
Questionnaire (CSQ; [56]) and the System Usability Scale
(SUS; [57]). Both questionnaires are short, client self-report
questionnaires that assess a client’s experience with an inter-
vention [56] or a digital product [57]. Although these ques-
tionnaires are not specifically designed to measure engage-
ment, they do measure dimensions of engagement. Another
example of a questionnaire that assesses clients’ experi-
ences with a digital intervention is the Twente Engagement
with eHealth Technologies Scale (TWEETS; [42]). The
TWEETS assesses self-reported behavioral, cognitive, and
affective engagement with digital interventions. The concept
of affective engagement is most prominently used in the field
of eHealth. This is not surprising, given that this field of
research has adopted a lot of knowledge from Human Com-
puter Interaction research, in which affective engagement is
the most prominently studied concept of engagement [7].

Observer-Rated Questionnaires Several examples of
observer-rated questionnaires were found (see Supplemental
Table 1). These questionnaires are not scored by the client,
but by an observer (e.g., the therapist). This can be a useful
assessment method for a construct like engagement, as the
therapist might be able to give a more objective report on the
fluctuating and recall-bias-prone nature of engagement. An
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example of an observer-rated questionnaire from the system-
atic review by Tetley et al. [51] is the Treatment Engagement
Rating (TER; [58]). The TER is developed for forensic out-
patients, but can be adapted to other contexts [58]. The TER
contains nine subscales: (1) participation, (2) constructive
use of sessions, (3) openness, (4) efforts to change behavior,
(5) efforts to improve the socio-economic situation, (6) mak-
ing sacrifices, (7) goal directedness, (8) reflection between
sessions, and (9) global evaluation of treatment engagement.
The engagement measure (EM; [59]) is another example of
observer-rated scale that includes items that measure cogni-
tive dimensions of engagement.

Ecological Momentary Assessments Another useful appli-
cation of survey data is the use of EMAs. Short et al. [19]
describe the application of EMAs in their review on engage-
ment measures for digital behavior change interventions.
EMAs are repeated questionnaires with a small number of
items (e.g., 3 items assessing intervention use that are sent
to the client at random, prespecified, or event-contingent
moments, often on a daily basis). The benefits of EMAs
are that data is collected during the intervention process,
instead of when the intervention period is finished, leading
to reduced recall bias [19]. Another benefit of EMAS is that
researchers can collect data on how engagement changes
over time, thus gaining insight in the dynamic nature of
engagement [5]. A pitfall of EMAS is that the repeated ques-
tionnaires can place a large burden on clients, potentially
leading to missing data. EMAs are useful for assessing all
subtypes of engagement. For example, clients can receive
a questionnaire after every intervention contact, assessing
levels of behavioral engagement, or clients can receive a
questionnaire on a daily basis, assessing cognitive and affec-
tive dimensions of engagement [19].

Qualitative Data

Qualitative measures allow for an in-depth assessment of
behavioral, cognitive, and affective dimensions of engage-
ment. Eight studies used qualitative measures to measure
engagement [38, 49, 50, 60—64]. The use of qualitative data
is especially suitable for assessing out-of-session effort and
the dynamic change of overall engagement over time [19].
These measures are often not directly observable by the client
or the therapist, and are both considered important dimen-
sions of engagement [5, 6]. There are different types of
qualitative measures, for example, interviews, focus groups,
written reviews, and think-aloud exercises. Each type has its
own practicalities, benefits, and considerations.

Interviews Interviews are usually carried out in a semi-
structured form, meaning that a set of topics and probing
questions are prepared beforehand, and the answers of the

interviewee serve as points for follow-up questions. This
type of qualitative data is suitable for exploring clients’
experiences of engagement and identifying ways in which
the intervention can be improved, and is often used to com-
plement quantitative data [19]. Godlaski et al. [61] explored
engagement of rural women who were in the beginning
stages of an outpatient substance abuse intervention, using
semi-structured interviews. Several dimensions of engagement
and factors relating to engagement were assessed such as
participants’ attitude towards the intervention (i.e., cogni-
tive engagement), early intervention experiences, and how
those experiences influenced how comfortable the partici-
pants were with the intervention. These topics assess both
the dynamic change of engagement during the intervention
process [5] and the influence of the intervention’s effects on
sustained engagement [7]. Instead of one interview, Gordon
et al. [38] repeatedly interviewed participants who used a
web-based self-help intervention for mental health and
addiction complaints about their reasons for engagement and
disengagement with the intervention over time. This method
allowed the researchers to follow-up on participants and spe-
cifically assess the dynamic nature of engagement during the
process of intervention use.

General considerations of semi-structured interviews are
that they are often prone to suggestibility and recall bias,
and that the process is relatively time-consuming and labor-
intensive for clients and the researcher [19].

Focus Groups Focus groups form another interesting option
for qualitatively assessing engagement. Focus groups are
small groups of participants that come together and discuss for
example the engagement with an intervention. Because it is
a group interview, a spontaneous discussion between partici-
pants may arise, revealing information that otherwise might
have remained concealed [19]. Another benefit is that focus
groups allow researchers to collect data on multiple interven-
tion users at the same time, making it less time-consuming
compared to conducting individual interviews. This type of
assessment might be particularly useful for interventions that
are delivered in a group setting. A limitation of this approach
is that there is a high risk of social biases, such as social desir-
ability, and polarization [19]. It might also be difficult to col-
lect data on individual engagement using this method.

Other Qualitative Methods Next to interviews and focus
groups, there are several other options for qualitative
research on engagement, for example, think-aloud studies,
where participants are asked about their experience while
using the intervention [19]. This method seems especially
suitable for research on digital interventions, as there is
a tactile intervention to work with (e.g., mobile app and
web-based environment). Think-aloud methods are often
employed in the development stages of interventions, where
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participant feedback is used to improve the final product
[19]. Although think-aloud measures provide an important
benefit, namely the reduced recall bias, there is a large risk
for observer bias [19].

Other noteworthy qualitative methods are written reports
and language analysis. Written reports are open-ended ques-
tions that can, for example, be added to questionnaires. This
is an easy method of obtaining qualitative data, although
there is no interaction possible with the participant [19]. One
study by Marker et al. [63] analyzed engagement related lan-
guage of clients following a transdiagnostic group interven-
tion for anxiety disorders. Engagement related language was
operationalized as language that indicated any steps towards
or away from the change process (i.e., client communicates
intentions to experiment with new behavior).

Recommendations for Measuring Engagement

To conclude this section on the measurement of engage-
ment, we provide a set of recommendations for researchers
who are interested in studying engagement. First, general
recommendations for engagement research are presented.
In Table 1, we present measurement recommendations for
behavioral engagement, cognitive engagement, and affective
engagement, including their subcategories. For each type of
engagement, a description of the measure, a recommenda-
tion, the setting for which the measure is appropriate, and
suggestions for specific measurement tools are provided.

First, we recommend that researchers think about the spe-
cific conceptualization of engagement in the context of their
study. We observed a large variety between the included
studies in terms of the specific engagement measures that
were used. This is not surprising, since engagement might
show itself through different behaviors or attitudes, based
on the intervention at study, the target population, or the
applied delivery method. Additionally, engagement may
be studied more extensively when treated as a primary
outcome, compared to a secondary outcome. Secondly, we
advise researchers to always include measures of behavioral,
cognitive, and affective engagement to be able to obtain a
comprehensive assessment of engagement. Measuring only
behavioral, cognitive, or affective dimensions of engagement
essentially means measuring adherence, intervention expec-
tancies, or intervention experience only. Thirdly, we advise
to measure engagement over time due to its dynamic nature.
Engagement is a changing construct, and is theorized to be
influenced by the perceived effects of an intervention [7].
Therefore, repeated measurement is important to obtain a
thorough assessment of engagement.

We refrained from presenting a hierarchical recom-
mendation in terms of specific engagement questionnaires
or parameters, because studies differ in terms of setting
(e.g., in-person, fully digital, and blended), form of the
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intervention (self-paced, individual, group), and whether
engagement is studied as a primary outcome, secondary out-
come, or as a mediating variable. This is also the reason why
Table 1 only provides suggestions for specific measurement
options. Due to the complexity of engagement as a construct,
it is unlikely that a single measure can cover behavioral, cog-
nitive, and affective engagement in an extensive and valid
way. A mixed methods approach is therefore recommended
for a thorough assessment of engagement.

Discussion

The aim of this review was to provide researchers with
(1) a multidisciplinary overview of different measurement
methods that are currently used to measure engagement with
adult mental health and behavior change interventions, deliv-
ered in-person, blended, or digitally, and (2) a set of recom-
mendations and considerations for researchers wishing to
study engagement. These recommendations form a general
approach to assessment that needs to be customized for each
study, taking into account aspects such as study goal, type of
intervention, health condition, and client population.

The complex and multi-dimensional nature of engagement
makes it a difficult construct to measure. In past research on
engagement, the main focus has been on usage and adher-
ence data. Gaining insight into how much a client uses the
intervention is important when studying engagement, but
covers only one part of a complex concept. Overall, we
noticed a strong focus on assessing behavioral dimensions of
engagement, while affective and cognitive dimensions
were largely neglected, as visible in Supplemental Table 1.
Holdsworth et al. [6] highlight an important restriction with
using attendance as the only proxy for engagement. They
state that “it is quite plausible that clients can attend treat-
ment, even at a level equivalent to a ‘treatment dose’ without
necessarily being engaged. Equally, clients may be engaged
within the therapeutic process without being present at every
session, or even before they have attended the first session”
(p-431). Similar statements have been made about using
usage data as a proxy for engagement in research on digital
mental health interventions [65]. For example, Yardley et al.
[5] introduced the concept of effective engagement in the
context of digital behavior change interventions, and high-
lighted that engagement manifests in different ways, with
intervention adherence being only one of them. Especially
in later stages, clients often show engagement by enacting
change in real life instead of engaging with the intervention
content [5]. Although adherence is an important dimension
of engagement, it is thus not suitable to be used as the only
proxy for engagement. We argue that measuring engage-
ment without including cognitive and affective dimensions is
insufficient. Studies that include only objective behavioral
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measures are in essence measuring usage or adherence, not
engagement.

Our overview of measures and recommendations comes
with some practical and methodological limitations that
are important to consider. A first limitation is that our rec-
ommendations mainly focus on the operationalization of
engagement and not on specific measures, data points, or
questionnaires. Because of this, researchers still need to find
the appropriate specific measures of engagement. We did
provide some examples, but refrained from a detailed list of
measures. The reason for this is that the nature of engage-
ment is highly contextual, as every intervention, population,
or delivery mode requires another approach. Another reason
is that this list would quickly become outdated with the fast-
growing knowledge in engagement research.

For this review, we chose an integrative approach because
it suited our goal to integrate knowledge from different but
related disciplines. Behavior change interventions and men-
tal health interventions share similarities in terms of their
mechanisms of action and delivery methods. For example,
both fields make use of eHealth to deliver the content of the
intervention to the client. Also, in both fields, it is necessary
for the client to actively interact with the intervention in
order to get results. Due to these similarities, the expression
of engagement in terms of operationalization and measures
is also very similar. Therefore, we find it a logical step to
integrate the knowledge from these two fields.

Additionally, we wanted to build on this integrated
knowledge and shape it into the practice-oriented recom-
mendations that we present in this paper. A limitation of
an integrative review concerns the integrity of the search
results. We did not conduct a fully systematic literature
search, and might have missed literature. However, we
want to emphasize that this work does not aim to provide an
exhausting overview of measures and operationalizations,
but is intended as a starting point for researchers to shape
their operationalization of engagement.

Next steps in engagement research would be investi-
gating specific predictors and facilitators of engagement,
and using techniques to create interventions that are more
engaging, which could ultimately improve the effectiveness
of interventions. Gaining insight into engagement provides
valuable information on how an intervention is used and
what invites clients towards usage, thereby providing more
insight into the “black box” of intervention effectiveness.
Looking at process variables such as engagement also
reduces the chance of a so-called type III error, in which
intervention effects are erroneously missed because of low
usage [66]. For a concept as broad as engagement, we feel
that a multidisciplinary approach is well suited. For exam-
ple, research in eHealth has taken great steps by adopting
user-centered persuasive designs and using gamification as
a strategy to create more engaging interventions [52, 53].

Blended interventions have become more common, com-
bining in-person and digital components to create flexible
interventions with personal support. These approaches seem
very promising, but can probably be developed further. We
hope that this review helps researchers in providing a start-
ing point for making informed decisions when studying
engagement, thereby facilitating developments in engage-
ment research.
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